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DIANE Project (France 2030) — led by Lacroix, with IETR, Preliminary Experimental Results:
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Resource-constrained sensors: limited memory, low

compute, low energy.

Embedded Al platforms: STM32MP25 / STM32N6 with
Al accelerators.

Figure 1 : Impact of model parameters on inference time
(STM32N6570-DK)
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Dataflow [1]-based Al Iimplementation: methods and Figure 2 : Impact of model parameters and processing unit on
heuristics for running algorithms close to the data using inference time ( STM32MP25 )
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